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BRE—

RIEEAER

EESER U
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2Z2ZEH

B ENEED AN
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AR EOK

BRE_

R AER

EESER U

W

2EZH

B ENEED AN

AERERT

ARz 2K

BiRE=

= i

W EAARET Probability and Statistics 5

AT EZ1HE (Al Ethics) 8

TRAALEZWASEH  ( Introducing Generative Al for the Humanities )
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REEARER

EENER A

W

2EZH

E N E RN i

AERERT

ARz Z K

BEREN  ERIAL . XFHEBEGEMNIRIEEES ( Generative Al: Text and Image

Synthesis Principles and Practice )

R AER

EENER A

W

2EZH

E N E RN i

AERERT

ARz 2K

n%%iﬂ

REEAER

EESER U

(8

22ZEH

B ENEED AN

#EEBZE ( Deep Learning )

10

10

10
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14
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AERERT

ARz 2K

REEIN

=111

et

RIEEAER

EENER A

)

2Z2ZEH

I\

E N E N EE YN i

RAERTE T

ARz 2K

%R ( Robotic Navigation and Exploration )
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15
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16

16

16

16
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BIRE— . WEERBAET (Probability and Statistics)

R EAER

FRRER | BE K

FIIRZEN . =R

AR 292000\ (RREARRTSNUZER)

FIRRAR Al « BAL

LEREEE - B0 14:30-17:30 ~ 20:00-22:00

ERELREE

02/20 : 20:00-22:00 #4% &7

03/06 ~ 03/20 ~ 04/10 ~ 05/01 ~ 05/15 ~ 06/05 : 20:00-21:00 #R_F3&7E

BRI =S/ 4/17 14:30-17:30

BRI =/ 6/12 14:30-17:30

i=EF FERMIE : NTU cool ¥ =

SRR
N Ve

(- )+ Experiments, Models, and Probabilities
1) Applying Set Theory to Probability
2) Conditional Probability

3) Independence

(=) Basics of Random Variables
5



1) Definitions

2) Probability Mass Function (PMF)

3) Families of Discrete Random Variables
4) Cumulative Distribution Function (CDF)
5) Probability Density Function (PDF)

6) Families of Continuous Random Variables

(=) Random Variables and Expected Value

1) Conditional Probability Mass/Density Function
2) Probability Models of Derived Random Variables
3) Variance and Standard Deviation

4) Expected Value of a Derived Random Variable

(z )~ Multiple Random Variables

1) Joint Cumulative Distribution Function
2) Joint Probability Mass/Density Function
3) Marginal PMF/PDF

4) Functions of Two Random Variables

5) Conditioning by a Random Variable

6) Independent Random Variables

()~ Sums of Random Variables

1) Expected Values of Sums

2) PDF of the Sum of Two Random Variables

3) Moment Generating Functions

4) MGEF of the Sum of Independent Random Variables
5) Random Sums of Independent Random Variables

6) Central Limit Theorem



—_ N

7) Law of Large Numbers

W

SEZEZH

Probability and Stochastic Processes - A Friendly Introduction for Electrical and Computer

Engineers," Second Edition

RRE A KA

L ESNES

2/20

2/27

3/6

3/13

3/20

3/27

4/3

4/10

4/17 14:30-
17:30

HEERBREE N 20:00-22:004% B0 3= 30

MR NI M R R 20:00-21:00 BT 4R -8 &

KRB R B E KR

WS  RESHEE (coF) 0 20002100 BTE ERE

B RBESKE (PMF ) - BEAUER

paNiint

BERUBE R DRI ~ HREREE RE

PDF £ 58 & 1 R 1

BEKRR M IAREE]

pi

WEE D BRenTEy - Fe  0002N0RTRERE

Hh TR



-

.

:

5/15

-

-

.

17 6/12 14:30-

17:30

h - BREELT

R SERAEE(0%)

7N BRI ESK

BEEERL M BREERD M

YA

MERSEH N Z IR R MR
HRR D M EERD

BERE R A - BERREMGF
2 el R 1% 2 B0 £2 ch A R e

HERAEN

EEEM

20:00-21:00 BT 4R -8 E

20:00-21:00 [EI:F4F 38 RR

20:00-21:00 BT 4R -8 &

HAh R E A (25%)  HIRRZTEMAE(25%)



BRE_ . ALEZMIE (Al Ethics)
— REELRERN
FER  RBKE
FRIRHED . HES
PIARA B £92000 A\ (IREERRTSAIZER)
FARARAI - L3

B LR - 88 = 15:20~18:10

u]

=B ERRUE
ARIEAYE
- R

AREEEFTRBERBRRBAERXN A ERAFMS KNME - BiRELEEH
B2 - Bt RENBERBBBAINZRELLNBERMERSE  UAEEMESNE
KE - ER - BERABAINERERA 2 BN EAINTRRAEORRK - #E - FIRETAI
BRENESANRRET - WAONMARIMATS KNS HRABA M ERE - I - TREN
AIRAIB R Z BT R ABREFREE - REREKS - MEBRARLE A TS - Al

AMmENE ~ URSSHEXRBRAHHSHEEITER - RE - ARBHHERB LR
HENCHREMBL T FBNAIBRRLE TR E -

W

= 2%EH[:

1. Borg, J. S., Sinnott-Armstrong, W., & Conitzer, V. (2024). Moral AI: And How We Get
There. Random House.

2. Russell, S., & Norvig, P. (2021). Chap. 1 & Chap. 27. In Artificial intelligence: A
modern approach (4th ed.). University of California, Berkeley.



3. Gabriel, . (2020). Artificial intelligence, values, and alignment. Minds & Machines, 30,
411-437. https://doi.org/10.1007/s11023-020-09539-2

4. Russell, S. (2019). Chap. 7 & Chap. 10. In Human compatible: Artificial intelligence
and the problem of control. Penguin.

5. Vallor, Shannon (2016). Technology and the Virtues: A Philosophical Guide to a Future
Worth Wanting. New York, NY: Oxford University Press USA.

6. S\4%.58 5588 (Kate Crawford) (2022) - 56—~ = ~ UE - HB (AT EEZENW
2) - BEEsfE - pp. 71-108 -

;

7. Z=YB.702R(Taina Bucher) (2021) - 55— ~ — ~ [UE - BB (WBEFHNEE : EEA
DIREBOERET]) - S2BEFHE

8. #E=Bin. LI B(Virginia Eubanks) (2022) - 8= U - AZ - 1B (BEE
BE)  BRUWMK-

9. glM.BA/EM (Cathy O’Neill)(2109) - F£— ~ +8 - H B ( KEEBENHELRSR)
REBWHR -

10. B8 1= (Yolande Strengers) &¥Z . H 78 (Jenny Kennedy) (2023) - 55—~ _& -
(BEZ7F)  BIRRERBEHRL -

11. EZ= A4S B (Nick Bostrom)(2016) - 55+= -+ - +1E - £ 8 (8BE
Z) - JUEXE -

12. 8H1EE(2023) - ( AIEERMmIBERG 2 EARRE) - (B - BEHT
=) =H - 37: 167220 -

13. HEZE(2024) - (AIFRBRENMGERES . BEERREMNME) - DAk (B

EMR) FHES4EFE 18 - H1-68 - DOI: https://doi.org/10.7015/JEAS.202403 54(1).0001
(THCI/TSSCI)

14 EHEEQY) - (ANIEB2AEZAEAEE ? ATEETAE ZEN)
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https://doi.org/10.1007/s11023-020-09539-2

(BHERNEE— "2, SEFPENORE) - AmEBEZEH AR - ISBN: 978-626-393-008-7

MM~ SRIEAB KA

BEAS

114/2/19 HIEBAIRESEN Sl Slido, TtC
2 114/2/26 REEAE = E ARG R Bzt Slido, THC
A
114/3/5 AIERPFBEE D B HIRSE IS8T - BRI LRSI
. 114/3/12 AVEEIR IR & IS8T - BRI FEIS SR
114/3/19 ALBEERTEREAY Y BE IS8T - BRI FEIS SR
- 114/3/26 ALBEEEHEAY Y BE IS8T - BRI FEIS SR
114/4/2 EERER
- 114/4/9 INGYN L3t IS8T - BRI FEIS SR
. 114/4/16 HAch 338
10 114/4/23 ARSI E BB Y I 25 IS8T - BRI FEIS SR
% R REASE
11 114/4/30 AINHEREE  RIEET &3 IS8T BEEES PRSI
% HEEATES
12 114/5/7 AT Z BB E 7 HIREIT 2 5 IS8T BEEES PRSI
% HEEATES

11



114/5/14

114/5/21

114/5/7

114/6/4 BROEEBRS

h - BERIEST

AIRVERZE RBIE 2 Rl E

AINS TEHEER A EEE

R ERE D SRR G 5 Y

AI2ET - BRRER FRILEIR1EN

L

L

BI2ET - BRRER FRILEIR1EN

BRI DEEREN

RRAEN AR RHET D

PRk ArIEHE fic 73 EE Al THEAR AR
No. Assessment Item Percentage Description
I RS R 30 % EX_FoeiREas/) R L
BE
2 w2 2 TR 30% KiBAR _EIRES A HE R £
AV S ACER
3 HAch &3l 15% Take home exam 24/)\R
4 R D EEE RS 25% R LR BRI S
S REFENAIRREDPRELD]
1TEET -
BEHM810% - FREER
FEMRE 215 15%
N BERER

12




BARE=  EHRNATIERZHANER

( Introducing Generative Al for the Humanities )
—  REEAER

FREBR  SERE

FRIZZED : HEFE

AR AR © #92000 A (FRARRTSNIEER)

FaRARA . BRESHE RAMLEHBEED)

B0 = e EERIGR : &8I 14:20-17:20

=IE FERUE ¢

AR

- BRI

BEEAIR R AERERE  ABIENIEERHRESE 7 AREENEE - £5X

Al DFEESEERABTWEES - AmENBER - ZEHBEIF LTHREALE
BB D EPE -

RERERF RIS A BIIABERETH ALl KITEEAAPIR - ERNELZHEER
£ BE—RERURMAPNERRBEAFZ AR - REFRKUATBZOBERLE - L
B SHEERRIRER Al RENERERRE  WEREANXETEHEFNEFRE

FRIZXETZE AR E  BELEEREIFSES -

e

T

13



= 2ZFHUULRDZEZHREIVRE - LUNERHBEESZ%)
- Raschka, S. (2024). Build a Large Language Model from Scratch. Manning.

- Pai, S. (2025). Designing Large Language Model Applications: A Holistic Approach to
LLMs. O’Reilly.

- Porter, L. and D. Zingaro. (2024). Learn Al-assisted Python Programming. Manning.

- 125 (2024). Al (B RAYE/EZEIEF L 7724 KT XAE.

M~ SRIEAB KA

L ESNES

2/20 ARz A B A RIFEY - FAEBREGoogletRIE -

N 227 -
MEMNARLLERE | RAHNES
T72 (1) (Prompting LLM)
3 3/6
MEMNARELLERE | RANES
172 (2) (Prompting LLM)
3/13 ~
EEMNAMR R/ DEREE (RAG and
VectorDB)

5 3/20 _
BEEMTNAMERBRFRA (Fine-

Tune)

3/27
AL/ ARBZESERRIE (1)
Embeddings explained

14



4/3 (FR)

4/10
ERHAI/RBEESHERRE (2)

(Transformer explained)

4/17
ERRAINEEEZIELE (1)

(Speech and Multimodal LLMs)

424
ERAINEN A F LA (E

(Artistic and Musical LLMs)

—
—

5/1 1E 7Y fE FRST5RI (Evaluation and

Benchmarks)

—

5/8
BEMAIRR () —RE1FQ)

(Compound Al)

5/15
MEMTUAMER () —E1EQ2)

(Compound Al)

5/22 Z£RM;E Guest lectures

()}

5/29 ABHTFRHER . NEEELR
IB%RE (Digital Avatar,
Humanoid/Alignment and Ethical AI)

6/5 BRAAREEMORE

—
(=)

1. EEEANEERERRT SEHASINERMEANBERRIEREE S B
RBBEMR -

2. REERIE - BRENREEL -

3. WEISRREIERNER  ERBRONTERG EMBENBEHE - WaREE
AXBEFIMERE

4. BHERANIESE  REZRURE  HEHELEE-DT=UWRAER -




- RAEREER T

alk

RE S EAB T B [0]E8 20%
BIEREIFE 40%
HAREBEERE 40%

*x ERASEFAUBREMASEHE

L BRIEESK

FRELCEMEBEEMNATEZNREEE -

AERTZIR M Nvidia FEBBEMRE (FFRH ) -

E Aty R

R WRARIES 13-14 BRSHER FREREN

16
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AEBZEES -

¥t
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RN - AT AL XFEEGEMRNRIZEETS
( Generative AI: Text and Image Synthesis Principles and

Practice )
— - REEXER
FREBR : BUAKE
FAIZZUEM : BXKREE
AR AL : 592000\ (RHART75MUEER )
FaRAR Al : LR (BABRESH)
BEZER LR ~ 16:00-19:00
=iE EERIE : Facebook [ IIAREE ZEEF L]
https://facebook.com/groups/nccumathonline/
ARIZAYE
- RREEWA
TERT AL XFEBGFERNFIREAER , 2—FIREERREESFLEBANR
B BARFERATRENT Al WEIERAENZEMERET - Am¥E Al WRESSER
REENR  RMABHEZBEFIRE  TEEBREENI AIERCEE - E48EE
B - GAN -~ Transformer ~ ABFES A - RAG * Al Agents ~ Diffusion Models

ER T - WE AT B OpenAl API » LangChain * HuggingFace & AutoGen 5% - STt
NFEREIBBRERNZIEER -

17



N VEA=k

IBERA AT AL RURZO M - EIEFBASHEES © GAN ~ Transformer + ABESRA

RAG - Al Agents * Diffusion Models 5§ -

|'§5'2

Fooocus -

(=)~

(=)~

ERAZEITEMEZ - B0 OpenAl API ~ LangChain * AutoGen * HuggingFace
FIEZEEMT ALEA -

BRETERTL Al BT 2 A MIEPREL - (ERI0/E BB 2 B ie L Al
BERTTE -

STRHIARERE - BEMEAR - RFTUR A —EERNERT Al &
e o

M- RERE

> EFRIENABDRE  HESEROERRIBLHE  FOFAEREIGE
}Eﬁ o

> EBffAx . EmAE  FREDEFER Colab ETRERNEE - S BEEIEAIR
BIEZE  BEEM -

> BRERRWMEN  BERMNER AIEEBETE  ZiE Al £REE8 -

> ZENERES RREABTIRXFERN - BEEMN - HEEHEI A - Agentic
Al EZ{EE -

> MIBBERTSE . ARERMAE - E5|8RBEM Al WHAEFEHE - |
"EEEMEER AL -

hE£EEH
TEZLFREE HRSEENRFEDINA

18



AN il

BEAS

2/18

2/25

3/4

3/11

3/18

3/25

4/1

4/8

AR T AREAE AT AL B
AR B
ERE AR (GAN)

NFEM Al BARESHER

RNN K transformers HYZ{E2 [RIE

REZESEE (LLM ) WER K&
IR E RE R kB

ITEECHHREEEA

MERMBER (RAG ) WEERE
e

19

Rz HIRARNBEN - BTBERMRE
FXTU AL - 7748 Colab FEREHEERIF

N RNz O R ((BENES
BRAIZS ) ~ BIERESE R OERE - BEfF
—EfSE A MNIST FEEF 048

NMBLEWEEEMRT Al HEMEMR
AR (GAN) - 81 GAN WERIR
2 EZWERSE  RAMTELRAS
EERMNEEA

NFER A NEARER - 81 RNN &
transformers B " f01E 1 MRS
7T+ K seq2seq 1REL ~ FBRAZERIE

RNN K transformers HOZ{E2 E ¥ EAZ0
B BEEAERES  BRIENEN
HRIE

ERMABESHEE (LLM) - BRE
R Ri&EZEEE R

&£/ OpenAI API - R TUITEH
CRIBER A

RAG = - BERBRELERNES
% - BYEER LangChain #J RAG Z4%



. 4/15 BERERE

4/22 Agentic Al EA AT Agents
1 4/29 BoBMmEE (VAE ) e ER

iigEd

5/6 Diffusion Models &84l

5/13 NFER Al WREREE

5/20 Diffusion Models P& 378

527 Fooocus BfFE& 4R
16 6/3 MU REERRIZ
. mEEES

*ERAELAUSREMASRE

F kxR RE: 75%

BRIFEE/RFBEEMBA - BRIEFEWR T

20

YA 107 ° &
—R prompt EBLHERKENIEE  BHo&=3 7 -

EREXNDZ RAG B R FRERE
PREX

ftEEZ Al Agents ? &5t B EEB @K
Agent + 7748 AutoGen 1EZR I B RFEFIZR
B

T2 VAE WIRIE - RS EESHEEE
ENRE . ERREGREN AINEER
)7

7T #8 Diffusion Models RI/RIE - E1FE/N
1238712 « U-Net Z2BA0R IR S =

nHE TIERR , FRERAXERN CLIP
HE . EEMEBER Al RE NERS
-

Latten Diffusion Models, LoRA,
ControlNet Z1:=

T #AFR WebUI #£28 Fooocus + &3
Stable Diffusion ZBi/REE #[EFZEI1E

REBERARESHEER



& gk E=E: 20%

BEAFTTA—REMAT Al BRESR - BARDERMETERA - DIREHASH

BERBZIMMAERN

& Limem s,

FEHBEEE TEE BESERE

Z

il

o

I=E - WAEIMNIS

mzps 'HBEE L 2 BEMYERBRS -
/@ - ?EECHERT AIHBENLE - BRERZRZIER 5 URBHNSE -

J\~ REEX

1. E#FE A Google Colab EIFBE TS - 7
ERZRERMEL -

HIEREE - SHEF®RES - BEZIA

5B 22 EY B S Google RIS - ARERIEAITE

BolllZEECA &4 -

#25& (FFZ3K) X https://platform.openai.com/ FA{EEE R OpenAl API B9 credit - &% 5 3=

EMTEEHREZENFEK - REPRMESZREEMEENTS R - B OpenAl
API SIREZ LB 8 (RRIERITAZ I EAE

3. FEEWAACILIDE

EAOERN - KRE

BRI EERE EAFam

EEHER - SENDEZEE T —1E prompt

ERH -

21

R -

REEEDEREMAIELE - &

BEMT AILRE - ERAAEESERRE - AEEnsF - &

MEEELRAER - BEEREFEZE AR



FERRER . REEE ( Deep Learning )
C REEARER
FER : BBIRERE
FRIRHED . &XF - BKF - R
PR AR : 491000 A (FRAARKI0NIZER )
FaRAR Al : RETERREE - APULL Eol#(E
BEReES © B
[E)0IREE FERISRE - &8N 12:20-15:10
=IE FERUE -
ARIZAYR
- RREEWA

HEIRREPS|IENBRBIEREREEEZREBRE R ZBREER - TRE
FRBNE  BEEEEHER  ARTERRESE

The instructor will guide students through the latest international developments in deep
learning methodologies and applications. The course will cover theoretical principles,

mathematical derivations, and practical applications. Students will gain hands-on experience
with deep learning tools.

(1) TERRXREBERIMNEEER
(To understand the maths of deep learning techniques)
(2) HEHREEBZBIE (I PyTorch * TensorFlow 5 )

(To familiarize with deep learning tools, such as PyTorch, TensorFlow, etc.)

22



() FEREEBERMNENEEREEHR
(To understand the latest developments and applications of deep learning techniques)

= 2=2&H

1. I. Goodfellow, Y. Bengio, and A. Courville, Deep Learning, 1st Ed.,MIT Press, Dec.
2016

\

2. R. S. Sutton and A. G. Barto, Reinforcement Learning: An Introduction, 2nd edition,
Nov. 2018

M~ BREAS KA

EE AR BEERD)

1 2025-02-20 AR AR
(Introduction & Machine Learning
Basics)
2 2025-02-27 ST R 4R Lab 0 Warm up
(Deep Networks )
3 2025-03-06  #EAC A
(Convolutional Networks)

. 2025-03-13 Transformers Lab 1 CNN

Introduction to Reinforcement

5 2025-03-20 .
Learning
2025-03-27 M A AR BB B E AR AT 2R IR B RIR B A AR
(Linear Factor Models & (Recurrent and Recursive Nets)
Autoencoders)

23



2025-04-03
(BRRER)

2025-04-10
Valued Based Reinforcement Learning

2025-04-17 BEE R
(Diffusion Models)

—

2025-04-24 REERE

(Normalizing Flows)

2025-05-01

Policy-based Reinforcement Learning

—

2025-05-08 Offline RL

o

2025-05-15 M ERESR b

—
£

2025-05-22 i E RS P

)

2025-05-29 AR &t
(Final Exam)

2025-06-05 M ERESR b

B
N
N
-

’

h - AERER T

4 Labs (done individually) 80%

Final exam 20%

7N AREEK

R AERE

(Generative Adversarial Networks)

Lab 2 Discrete control (Games, e.g.,
Atari)

Lab 3 Diffusion (+GAN)

You must have access to GPU equipped with at least 6GB of memory

24



FEFREN | H=mEMEIIRE ( Robotic Navigation and

Exploration )

C REEARER
FER  BIEERE
FIRZED © SH8E
PEARABL : #91000 A (IR HEARB0NIEZER )
FRARA . BRESH

B =i iR - 88— _6:30~9:20

u]
\

=ih PRI E : BIIBEABRESEEI06HE

B

( #=EB3E4E meet.google.com/wbh-oihg-jsn )

IR
— - SREW

KFREASB=EETENEH - DA RENFFEH EMEREE(SLAM) - ERERE
B 7 1% 52 JE#2 (Scene Understanding) AR 22 3E fin kU B 1F 1255l (Action Control) = Bl 36 Hit 22
MEREEN S E SR BB AMENESERER  tEZENRNREZEE ZRGB-based
RIBDSLAMA % « S RIBENEI D EISHEEENEANR - BFAREZENRIiTEA

SR E IR AR DRI - BIERRINTS B 0SB ERHRERETE - 1%
ABRIEE BRSBTS -

i

rl]]ﬂ
i
b

ik
=

/

2=2EH .

\\%

® Richard S. Sutton and Andrew G. Barto, Reinforcement Learning: An

® Introduction, Second Edition, MIT Press, Cambridge, MA, 2018

25



® Sebastian Thrun, Wolfram Burgard, and Dieter Fox , Probabilistic Robotics,2005.
(Intelligent Robotics and Autonomous Agents series)

® Kevin Murphy, Machine Learning: A Probabilistic Perspective.

® Daphne Koller and Nir Friedman, Probabilistic Graphical Models: Principles and
Techniques, 1st Edition, 2009.

® [an Goodfellow, Yoshua Bengio and Aaron Courville: Deep Learning.

M~ SRIEAB KA

RIZAR

2/17 Introduction to Robotic Navigation and Exploration

2 2/24 Kinematic Model and Path Tracking Control Lab 1
* Control System Basics
* PID Control
* Basic Kinematic Model
* Differential Drive Vehicle
* Pure Pursuit Control
* Kinematic Bicycle Model

K] 3/3 Motion Planning Lab 2
* Motion Planning Introduction
* Path Planning
* Curve Interpolation
* Trajectory Planning

* Path Planning

3/10 Reinforcement Learning (I)
* MDP

26



* Value Function
* Bellman Equation

* Reinforcement Learning

3/17 Reinforcement Learning (IT)
* Q-Learning / Sarsa / DQN

* Policy Gradient / Actor-Critic

3/24 Project Environment Building (I) Lab3
3/31 Project Environment Building (I) Lab4
4/7 Project Environment Building (IIT) Lab5
4/14 SLAM Back-end (I)

* State Estimation and SLAM Problem
* Probability Theory and Bayes Filter

* Kalman Filter / Extended Kalman Filter

4/21 SLAM Back-end (II)
* Graph based Optimization

* Graph Optimization for 2D SLAM (Bundle
Adjustment)

4/28 3D SLAM (I)
* Feature Descriptor
* Multi-view Geometry

* Lie Group & Lie Algebra

—
N

5/5 3D SLAM (II)
* 3D SLAM: ORB-SLAM
* Direct Method

* DNN-based SLAM

27



5/12 3D Embodied Agent

5/19 Paper Presentation (I)
5/26 Paper Presentation (II)
6/2 Project Presentation & Demo

T RENERT
> EZE: 60% (15% for each HW)
> X EEHRE(10%)

> BEEHASBRGEEF  SEHHS - OIERS): 30%

o BEEEROEBPyhonELB  HREE  FESE -
o BEBEHAGPUEEZEI -

o AREEATBRHENY  PRLYLDMERAE RS  ARETRS
BICPIRIE - AR IR A MBI -

B

28



	主導課程一：機率與統計 (Probability and Statistics)
	(一)、 Experiments, Models, and Probabilities
	(二)、 Basics of Random Variables
	(三)、 Random Variables and Expected Value
	(四)、 Multiple Random Variables
	(五)、 Sums of Random Variables

	主導課程二：人工智慧倫理 (AI Ethics)
	主導課程三：生成式人工智慧的人文導論　（Introducing Generative AI for the Humanities）
	主導課程四：生成式AI：文字與圖像生成的原理與實務（Generative AI: Text and Image Synthesis Principles and Practice）
	(一)、 探討生成式 AI 的社會與倫理挑戰，從技術層面與實務層面提出創新解決方案。
	(二)、 完成期末專題，整合所學內容，設計並展示一個實用的生成式 AI 系統。

	主導課程五：深度學習（Deep Learning）
	主導課程六：機器導航與探索（Robotic Navigation and Exploration）

